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Abstract- Exit interviews are an underutilized but critical tool for capturing organizational feedback, yet traditional analysis 

methods often fail to generate meaningful insights. This study investigates the application of artificial intelligence—specifically 

natural language processing, sentiment analysis, and topic modeling—to interpret qualitative exit interview data within SAP 

SuccessFactors. Using a mixed-methods design and data extracted from a large multinational enterprise over an 18-month 

period, the research reveals latent patterns in attrition reasons, identifies hidden organizational issues, and proposes actionable 

insights for HR leadership. Results demonstrate that AI-enhanced exit analytics uncover unstructured feedback trends more 

reliably than manual reviews, with significantly higher accuracy in detecting dissatisfaction themes. This paper contributes to 

social science research by positioning exit interviews as institutional diagnostic tools, offering a predictive lens into workforce 

behavior. The study concludes by recommending an integrative model for AI-powered offboarding intelligence that can be 

replicated across enterprise HR platforms. 
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I. INTRODUCTION 

 
Employee turnover continues to pose a significant institutional 

risk, especially in knowledge-based economies where talent 

loss undermines continuity and innovation. Exit interviews 

offer organizations a last window into employee perceptions, 

yet traditional practices often fail to yield actionable insights 

due to qualitative bias, unstructured formats, and lack of real-

time analysis [1]. Scholars and practitioners alike have noted 

that while exit feedback is abundant, it remains 

underleveraged as a diagnostic asset for strategic workforce 

planning [2].  

 

As workforce dynamics become increasingly data-driven, 

integrating AI into human capital systems like SAP 

SuccessFactors enables a paradigm shift in how exit feedback 

is processed, interpreted, and acted upon [13]. This research 

explores whether artificial intelligence—specifically natural 

language processing (NLP), sentiment analysis, and topic 

modeling—can transform unstructured exit feedback into 

predictive organizational intelligence, thereby enabling HR 

leaders to proactively intervene in patterns of disengagement 

and attrition. 

 

 
Figure 1: Flowchart illustrating the AI-powered analysis of 

exit interview data in SAP SuccessFactors. 

 

II. LITERATURE REVIEW 
 

Scholars have long debated the value of exit interviews in 

uncovering latent issues within workplace culture, leadership, 

and communication. Branham [1] emphasizes that most 

employees leave not for superficial reasons, but due to deep-

rooted dissatisfaction often missed by conventional HR 
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assessments. Kular et al. [2] support this view by underscoring 

the potential of structured feedback in advancing employee 

engagement and institutional learning. However, manual 

review processes fall short in processsing large-scale 

unstructured data typical of exit interviews. 

 

This shortcoming has given rise to a wave of research 

advocating for AI-based analytics in HR. Feldman and Sanger 

[3] pioneered the application of text mining techniques for 

organizational analysis, while Min and Kim [4] demonstrated 

how NLP tools can extract sentiment polarity and thematic 

trends from employee responses. More recent research by Jain 

and Mathew [7] showcases how clustering algorithms and 

machine learning models can detect patterns of dissatisfaction 

linked to attrition. These approaches have shown promise, yet 

their adoption within enterprise platforms like SAP 

SuccessFactors remains limited. 

 

From an organizational behavior standpoint, Albrecht et al. [5] 

and Roberson [6] argue that institutional feedback 

mechanisms—like exit interviews—must evolve from reactive 

data capture to proactive insight generation. Their work 

positions exit data not merely as feedback, but as predictive 

indicators of leadership failure, inclusion gaps, and broken 

progression pathways. Studies by Syed and Al Mamun [8] and 

Lee and Kim [11] provide empirical evidence that machine 

learning models can outperform traditional surveys in 

forecasting attrition triggers. In parallel, Marr [9] and Eubanks 

[10] highlight the business impact of integrating AI into HR 

systems, especially for retention planning and workforce 

sentiment tracking. Finally, domain-specific applications in 

platforms like SAP have been explored by Smith and Jones 

[13], who demonstrate GenAI use in SuccessFactors, and 

Brown et al. [12], who examine broader HR digitization 

trends. 

 

 
Figure 2:  Analytical pipeline showing sentiment scoring, 

topic modeling, and HR integration logic in SAP 

SuccessFactors 

III. METHODOLOGY 
 

This study uses a mixed-methods research design that 

combines qualitative text analysis with qThis study employs a 

mixed-methods research approach to analyze exit interview 

data extracted from the SAP SuccessFactors Offboarding 

module over an 18-month period. The data corpus includes 

3,500 structured and unstructured employee responses across 

departments and regions. 

 

Following techniques proposed by Feldman and Sanger [3] 

and adapted by Min and Kim [4], NLP preprocessing was 

conducted using spaCy, NLTK, and scikit-learn. These 

included text tokenization, lemmatization, and part-of-speech 

tagging. Sentiment scoring used the VADER model enhanced 

with a domain-specific classifier trained on historical HR exit 

comments, following practices validated in IBM's enterprise 

NLP experiments [14]. Topic modeling was applied using 

Latent Dirichlet Allocation (LDA), similar to methods 

discussed by Jain and Mathew [7], while K-means clustering 

grouped response themes. 

 

The system was integrated into SAP SuccessFactors using the 

SAP Business Technology Platform (SAP BTP) and visualized 

through SAP Analytics Cloud, echoing architecture 

suggestions outlined in Gartner’s Market Guide for Text 

Analytics [15]. The model was tested for interpretability, 

accuracy, and bias, and validated against engagement scores 

and exit code frequencies. Results were benchmarked using 

ensemble-based predictive accuracy models, similar to those 

explored by Syed and Al Mamun [8]. 

 

 
Figure 3: NLP preprocessing and classification methodology 

used for structured interpretation of qualitative exit feedback. 
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IV. RESULTS AND DISCUSSION 
 

The AI-enhanced model uncovered five dominant themes 

within exit feedback: lack of advancement, work-life 

imbalance, poor mid-level management, compensation 

disparity, and culture misalignment. Negative sentiment in the 

―management‖ theme was identified in over 68% of responses 

using NLP classification—a trend consistent with Lee and 

Kim’s [11] findings on managerial dissatisfaction patterns in 

exit datasets. Clustered ―personal reason‖ responses often 

encoded hidden job dissatisfaction, validating Eubanks’ [10] 

and Marr’s [9] propositions that employee exit statements 

often mask institutional shortcomings. 

 

Sentiment timelines constructed via SAP Analytics Cloud 

revealed fluctuating feedback polarity tied to specific business 

quarters and leadership changes, as also noted by Smith and 

Jones [13] in GenAI-based SuccessFactors research. These 

temporal shifts support Brown et al.’s [12] assertion that real-

time feedback visualization can strengthen HR agility and 

reduce reactive interventions. 

 

 
Figure 4. Sentiment Distribution Across Exit Interviews by 

Month 

 

V. CONCLUSION 
 

This study confirms that AI technologies—when integrated 

into SAP SuccessFactors—can transform exit interview 

processes from basic HR compliance to dynamic 

organizational diagnostics. By adopting sentiment scoring, 

topic modeling, and predictive clustering, HR teams gain the 

ability to interpret unstructured feedback at scale. The 

methodology aligns with previous research from Min and Kim 

[4], Jain and Mathew [7], and IBM [14], further validating its 

feasibility. 

 

Limitations include model bias, contextual interpretation 

complexity, and lack of multilingual model adaptation. Future 

research should explore cultural sensitivity in sentiment 

classification, integration with behavioral KPIs, and 

comparative models between traditional HR metrics and AI-

based outputs, as suggested by Roberson [6] and Gartner [15]. 

Ultimately, this work strengthens the case for embedding 

machine intelligence into feedback ecosystems—not just to 

understand why employees leave, but to anticipate when and 

how organizations can retain them. 
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