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 Abstract – This study aims to analyze the effect of investment (domestic and foreign investment) as well as other factors on 

youth unemployment in Indonesia. This study uses secondary data obtained from the Central Statistics Agency (BPS) and the 

Coordination and Investment Agency (BKPM). The data used is panel data from time series data for 2015 – 2021 and cross 

sections covering 34 provinces in Indonesia. The results of the descriptive analysis show that there are provinces that have high 

investment but also have high youth unemployment, such as the provinces of South Sumatra, West Java, Banten, Central 

Sulawesi and North Maluku. The results of the panel data regression analysis show that the domestic investment has a positive 

and significant influence on youth unemployment in Indonesia. The government through the Coordination and Investment 

Agency (BKPM) is expected to encourage large companies entering Indonesia to collaborate with local companies and Micro 

Small Medium Enterprises (MSMEs) to focus more on labor-intensive industries. 

 

Keywords – domestic investment, foreign investment, youth unemployment, panel data regression.

I. INTRODUCTION 
 

Youth unemployment has increased in various countries in 

the world despite efforts to improve the youth welfare 

economy. Indonesia is a developing country facing a high 

youth unemployment rate. Citing data from the Central 

Statistics Agency (BPS), the unemployment rate for the 

workforce aged 15-24 years or youth unemployment in 

Indonesia will reach 19,55% in 2021. Because of this, 

Indonesia has the second highest youth unemployment rate 

in Southeast Asia after Brunei Darussalam. 

 

The Problem of unemployment increased during the 

Covid-19 pandemic. The International Labor Organization 

or ILO (2020) explains that the young workforce is the 

most vulnerable population group affected by the Covid-

19 pandemic in the field of employment. The Covid-19 

pandemic has had a big impact, especially on young 

workers. Saragih and Usman (2021) explains that the 

Covid-19 pandemic is impacting youth employment in 

three ways: disruption to work-based education, training 

and learning; difficulties in finding work for newcomers; 

and loss of jobs and income for workers. The Covid-19 

pandemic has reduced the number of jobs, especially for 

young workers. several business sectors stopped operating 

due to the Covid-19 pandemic, such as restaurants, hotels, 

transportation, arts and recreation services. In general, 

these sectors employ more young people.The problem of 

providing decent and fulfilling jobs is one of the focuses 

of the Sustainable Development Goals (SDGs) program. 

Provision of jobs for young unemployed is still a problem 

of employment in Indonesia. This is based on the fact that 

unemployment in Indonesia is dominated by young 

people. The high rate of youth unemployment in Indonesia 

shows the government's lack of attention to youth 

unemployment policies. Ningrum (2016) states that if 

there are no macro and micro policies that are in favor of 

the workforce, it is feared that the number of young 

unemployed will continue to grow and have an impact on 

various things including problems in society. Unemployed 

youth also tend to withdraw from social life by reducing 

their participation in political democracy, the desire to 

commit suicide increases, and leads to criminal acts. As 

stated by Sukirno (2006) that unemployment has an 

impact on increasing crime rates in Indonesia. In the long 

term, a low level of social welfare due to the large number 

of unemployed will increase the percentage of poverty. 

Unemployment has the potential to become a disaster in 

society if left unchecked. 

 

The high youth unemployment must be overcome by 

creating as many jobs as possible so that appropriate 

government policy instruments are needed. Investment, 

both domestic and foreign investment is one of the biggest 

instruments for creating jobs. Several studies related to the 

effect of investment on youth unemployment have been 

carried out before. Fu and Balasubramanya (2005), 

Craigwell (2006), and Haddad (2016) show that foreign 

direct investment is very important for job creation and 

reducing youth unemployment although different forms of 

foreign direct investment produce different results. 

Foreign direct investment will have an impact on reducing 

unemployment, including youth unemployment. The 

impact of investment (both foreign and domestic 
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investment) will expand employment opportunities 

especially for young people. Hasan (2020) shows that 

foreign direct investment (FDI) has a negative and 

significant effect on youth unemployment in Asean 

countries. These findings are in line with the study of 

Ebaidalla (2016) which shows that increased domestic 

investment tends to reduce youth unemployment in 

member countries of the Organization of Islamic 

Cooperation (OIC). A study conducted by Anyanwu 

(2013) gave different results where there was a positive 

and significant effect of domestic investment on youth 

unemployment in Africa. 
 

Research on the effect of investment on youth 
unemployment is considered important in developing 

countries such as Indonesia which has high youth 

unemployment to guide policy formulation to achieve 

sustainable youth employment. Research on the effect of 

investment (domestic and foreign investment) on youth 

unemployment in Indonesia is still limited. This is what 

causes the topic of the effect of investment (domestic and 

foreign investment) on youth unemployment in Indonesia 

to be interesting to study. This study aims to analyze the 

picture of youth unemployment in Indonesia. In addition, 

this study also analyzes the effect of investment (domestic 

and foreign investment) as well as other factors on youth 
unemployment in Indonesia so that it can provide policy 

recommendations in handling the problem of youth 

unemployment. 

 

II. METHODS 
 
This study uses secondary data obtained from the Central 

Statistics Agency (BPS) and the Coordination and 

Investment Agency (BKPM). The data used is panel data 

from time series data for 2015 – 2021 and cross sections 

covering 34 provinces in Indonesia. The data in this study 

are: 

1. Youth unemployment rate, economic growth, inflation, the 

contribution of the agricultural and manufacturing sector, 

young population, gross enrollment rate, labor force 

participation rate, vulnerable workers, and wage rate 

obtained from the Central Statistics Agency (BPS). 

2. Domestic investment and foreign investment obtained 
from the Coordination and Investment Agency (BKPM). 

 

Method Data Analysis and Processing 

The analytical method used in this research is descriptive 

and quantitative method. The descriptive method is used to 

explain the general picture of youth unemployment in 

Indonesia. Then the quantitative method was carried out 

by means of panel data regression analysis to analyze the 

effect of investment (domestic and foreign investment) as 

well as other factors on youth unemployment in Indonesia. 

Data processing was carried out using Microsoft Excel and 
E-Views 10 software. 

 

 

Panel Data Analysis 

Panel data (panel pooled data) is a combination of cross 
section and time series data. In other words, panel data is 

data from the same individuals observed over a certain 

period of time. If we have T observation periods (t = 

1,2,...,T) and N number of individuals (i = 1,2,...,N), then 

with panel data we will have a total of NT observation 

units. 

A. Common Effects Model 

The common effects model is the simplest panel data 

approach. This model does not pay attention to the 

individual or time dimensions, so it is assumed that the 

behavior between individuals is the same in various time 

periods. This model only combines time series and cross 
section data and estimates it using the least squares 

approach (pooled least squares). The regression equation 

in the common effects model can be written as follows: 

𝐲𝐢𝐭 = 𝛂 + 𝐗𝐢𝐭
′ 𝛃 + 𝛆𝐢𝐭                                            (1)

  

where i denotes the cross section (individuals) and t 
denotes the time period. Assuming the error component in 

ordinary least squares processing, the estimation process 

can be performed separately for each unit cross section. 

Based on the assumption of the residual variance-

covariance matrix structure, in the common effects model, 

there are 4 estimation methods that can be used, namely: 

1. Ordinary Least Square (OLS), if the residual variance-

covariance matrix structure is assumed to be 

homoscedastic and there is no crosssectional 

correlation. 

2. Generalized Least Square (GLS)/ Weighted Least 
Square (WLS): Cross Sectional Weight, if the residual 

variance-covariance matrix structure is assumed to be 

heteroscedastic and there is no crosssectional 

correlation. 

3. Feasible Generalized Least Square (FGLS)/ Seemingly 

Uncorrelated Regression (SUR) or Maximum 

Likelihood Estimator (MLE), if the residual variance-

covariance matrix structure is assumed to be 

heteroscedastic and there is a cross sectional 

correlation. 

4. Feasible Generalized Least Square (FGLS) with an 

autoregressive (AR) process on the error term, if the 
residual variance-covariance matrix structure is 

assumed to be heteroscedastic and there is a time-to-

time correlation in the residuals. 

B. Fixed Effects Model 

     The fixed effects model assumes that there are different 

effects between individuals. This difference can be 

accommodated through the difference in the intercept. 

In general, the model equation is as follows: 

 𝐲𝐢𝐭 = 𝛂 + 𝐃𝛂𝐢 + 𝐗𝐢𝐭
′ 𝛃 + 𝛆𝐢𝐭                                

(2)                                                                                                            

 

    Based on the assumption of the residual variance-

covariance matrix structure, in the fixed effects model, 

there are 3 estimation methods that can be used, 

namely: 
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1. Ordinary Least Square (OLS/LSDV), if the residual 

variance-covariance matrix structure is assumed to be 
homoscedastic and there is no crosssectional 

correlation. 

2.  Weighted Least Square (WLS), if the structure of the 

residual variance-covariance matrix is assumed to be 

heteroscedastic and there is no crosssectional 

correlation. 

3. Seemingly Uncorrelated Regression (SUR), if the 

residual variance-covariance matrix structure is 

assumed to be heteroscedastic and there is a cross 

sectional correlation. 

3. Random Effects Model 

The Random Effects Model assumes that there are 
different intercepts for each individual which are random 

(stochastic) in nature. In this case, there are two 

components that contribute to the formation of errors, 

namely individuals and time so that the random effect 

model equation is as follows:  

𝐲𝐢𝐭 = 𝛂 + 𝛃𝐗𝐢𝐭
′ + 𝛆𝐢𝐭 ;𝛆𝐢𝐭 = 𝐮𝐢 + 𝐯𝐭 + 𝐰𝐢𝐭     (3) 

 

where ui is the error cross section component, vt is the 

error time series component and wit is the combined error 

component. 

In the random effect model, estimation using the 

Ordinary Least Square (OLS) method can be used if it 

meets the assumption 𝜎𝑢
2 = 𝜎𝑣

2 = 0. If these 

assumptions are not met, then the random effect model 

needs to be estimated using the Generalized Least Square 

(GLS) method. 

Model Selection 

1. Chow test 

To choose which model is more suitable between 

common effects or fixed effects, the Chow test can be 
used with the following hypotheses: 

H0: The common effects model is better than the fixed 

effects 

H1: The fixed effects model is better than the common 

effects 

The F test statistics are as follows: 

Fobs =
(SSR 1−SSR 2)/(N−1)

(SSR 2)/(NT−N−k)
  ~ F N−1 ,(NT−N−k)  

 (4) 

 

where N = number of individuals, T = observation 

period, k = number of independent variables in the fixed 

effects model, SSR1 = sum squared residual from the 

common effect models, whereas SSR2 = sum squared 

residual from the fixed effects model. If Fobs is greater 

than Fα ; N−1 ,(NT−N−k) then the null hypothesis will be 

rejected so that it can be concluded that the fixed effects 

panel data regression model is better than the common 

effects model. 

 

3. Hausman test To choose which model is more suitable 

between fixed effects or random effects, the Hausman 

test can be used with the following hypothesis: 

 H0: The random effects model is better than the fixed    

effects 
 H1: Fixed effects model is better than random effects 

The Hausman test statistics are as follows: 

χobs
2 =  𝛃 − 𝛃 𝐆𝐋𝐒 

′
𝐕𝐚𝐫(𝛃 − 𝛃 𝐆𝐋𝐒)−𝟏 𝛃 − 𝛃 𝐆𝐋𝐒 

  (5) 
 

The Hausman test statistic above follows the chi-square 

distribution with as many degrees of freedom as the 

number of independent variables (k). If the value of the 

Hausman statistic is greater than the critical value of the 

chi-square statistic, then the null hypothesis will be 

rejected, which means that the correct estimation model 

for panel data regression is the fixed effects model rather 

than the random effects model. 

 

3. Bruesch-Pagan Test 
To choose which model is more suitable between common 

effects or random effects, the Bruesch-Pagan test can be 

used with the following hypotheses: 

H0:  σε
2 = 0 (the intercept is not random) 

H1:  σε
2 ≠ 0 (intercept is random) 

The statistical value of LM is as follows: 

LM =
NT

2 T−1 
 
 ( eit

T
t =1 )2n

i=1

  eit
2T

t =1
n
i=1

− 1 
2

~ χ1
2                     

(6)                                   

 

where N = number of individuals, T = observation period 

and eit is the residual common effects model. If LM is 
greater than the chi-square in the table with a certain α 

significance, then the null hypothesis will be rejected, 

which means that the appropriate estimation model for 

panel data regression is a random effects model. 

 

4.Testing the Residual Variance-Covariance Structure  

Testing the assumptions of the variance-covariance 

structure was carried out to determine whether the residual 

variance-covariance structure meets the assumptions of 

homoscedastic or heteroscedastic structure and there is no 

cross-sectional correlation. The null hypothesis (H0) used 
is that the residual variance-covariance structure is 

homoscedastic. While the alternative hypothesis (H1) is 

that the residual variance-covariance structure is 

heteroscedastic. 

(Homoscedastic residual variance-

covariance structure). 

(Heteroskedastic residual variance-

covariance structure). 

Mathematically, the test statistics used can be 

formulated as following: 

LM =
T

2
  

σ i 2

σ 2 − 1 
2

N
i=1 ~ χN−1

2                               (7)                                               

where T is period observation, N is the number of 

individuals, is the variance the residual of the i-th 

22

0 :  iH

22

1 :  iH

2ˆ
i
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equation in the homoskedastic condition, and  is the 

mean square error of the system of equations in the 

homoskedastic condition. The LM test statistic follows the 
distribution of the chi-square statistic with N-1 degrees of 

freedom. If the value of the LM statistic is greater than the 

critical value of the chi-square statistic, then the null 

hypothesis will be rejected, which means that the residual 

variance-covariance structure is heteroscedastic without 

any correlation between units. The method that can be 

used for the heteroscedastic residual variance-covariance 

structure is Weighted Least Squares (WLS). 

 

Selection of Heteroscedastic Structure Estimator and 

No CrossSectional Correlation or SUR with LM Test 
This test is carried out if the results of the LM test show 

that the residual variance-covariance structure is 

heteroscedastic. In this test, the null hypothesis used is that 

the residual variance-covariance structure is 

heteroscedastic and there is no cross-sectional correlation. 

While the alternative hypothesis is that the residual 

variance-covariance structure is heteroscedastic and there 

is a cross-sectional correlation (Seemingly Uncorrelated 

Regression/SUR). The test statistic used is formulated as 

follows: 

λLM = T   rij
2i−1

j=1
n
i=2  ~ χN(N−1)/2

2
                      (8)                                       

 

where N is total individual, T is observation period, and 

rij
2 is the residual correlation coefficient between the ith 

and jth equations.             

This LM test statistic follows a chi-square distribution 

with degrees of freedom N (N -1)/2. If value λLM  

statistics is greater than the critical value of the chi-square 

statistic for a particular α, then the null hypothesis will be 
rejected, which means that the residual variance-

covariance structure is heteroscedastic and there is cross-

sectional correlation (Seemingly Uncorrelated 

Regression/SUR). 

 

Classic Assumption Test 

Assumption test is carried out to determine the 

requirements of a model to be used. The expected model is 

an efficient, feasible and consistent model, it is necessary 

to detect violations of model assumptions. The violations 

that often appear in the regression equation are residuals 
not following a normal distribution, there is variation in 

the residual variance (heteroscedasticity), there is a 

correlation between observations in one variable 

(autocorrelation), and there is a high correlation between 

independent variables (multicollinearity). There are 

several ways to detect the assumption test. The method 

used in this study for the normality test used the Jarque-

Bera test, the heteroscedasticity test used the Glejser test, 

the autocorrelation test used the Durbin Watson test, and 

finally the multicollinearity test used the correlation value 

between independent variables. 

Model Specifications 

This study uses an existing model by modifying it 

according to research needs. This study refers to the 
equation model used by Mkombe et al. (2020) and Baah-

Boateng (2016). The model for estimation is determined as 

follows: 
YURit  =  𝛽0  + 𝛽1  LN_DIit + 𝛽2  LN_FIit + 𝛽3 EGit +
 𝛽4  INFit + 𝛽5  YPit  + 𝛽6 GERit   + 𝛽7  AGRIit +  𝛽8  MANUit  +
 𝛽9 LFPRit + 𝛽10  VULit + 𝛽11  LN_Wit + 𝛽12  DCit + 𝑈i  +
 𝜀it                                                                                                  
(9) 

Information: 

YURit :  Youth unemployment the i-th province of the t-

th year (in percent), 

LN_DIit :  Domestic investment the i-th province of the t-

th year (in percent), 

LN-FIit :  Foreign investment the i-th province of the t-th 
year (in percent), 

EGit :  Economic growth the i-th province of the t-th 

year (in percent), 

INFit :   Inflation the i-th province of the t-th year (in 

percent), 

YPit :  Young population the i-th province of the t-th 

year (in percent), 

GERit :  Gross enrollment rate the i-th province the t-th 

year (in percent), 

AGRIit :  Constribution of the agricultural sector the i-th 

province the t-th year (in percent), 

MANUit :  Constribution  of manufacturing sector i-th 
province of the t-th year (in percent), 

LFPRit : Labor force participation rate the i-th province 

of the t-th year (in percent), 

VULit : Vulnerable workers to the i-th province of the t-

th year (in percent), 

LN-Wit : The average wage for workers/employees the i-

th province of the t-th year (in percent), 

DCit : dummy of the economic crisis during the Covid-

19 pandemic in the i-th province of the t-th year 

(before 2020 = 0, 2020 and 2021 = 1), 

Ui  :  Error component of the i-th province, 

εit  :  Error component for the i-th province of the t-th 

year. 

 

III. RESULT AND DISCUSSION 
 

Based on the results of the August National Labor Force 

Survey (Sakernas) conducted by BPS, the highest youth 

unemployment occurred in 2015 reaching 22,59 percent, 

which means that out of 100 residents aged 15-24 years 

who are included in the labor force, there are around 22-23 

unemployed people. The highest increase in cases of youth 

unemployment occurred in 2020 by 1,77 percentage points 

when compared to 2019. This occurred due to the Covid-

19 pandemic which greatly affected the employment 
sector in Indonesia, especially youth unemployment. 

 

 

2̂



 

 

© 2023 IJSRET 
80 

International Journal of Scientific Research & Engineering Trends                                                                                                         
Volume 9, Issue 1, Jan-Feb-2023, ISSN (Online): 2395-566X 

 

 

 
 

Fig.1. Youth unemployment in Indonesia 2015-2021 

(Percent) 

 

To see the relationship between youth unemployment and 

investment (domestic and foreign investment), it can be 

explained by quadrant analysis in Figures 2 and 3. In 

Figure 2, the quadrant that needs attention is quadrant I 

(high youth unemployment and high domestic 
investment). Quadrant I consists of the provinces of South 

Sumatra, West Java and Banten. In Figure 3, the quadrants 

that need attention are quadrant I (high youth 

unemployment and high foreign investment). Quadrant I 

consists of the provinces of South Sumatra, West Java, 

Banten, Central Sulawesi and North Maluku. 

 

 
 

Fig.2. Quadrant Analysis of Youth Unemployment and 

Domestic Investment (DI) in 2021. 

Information: 

1=Aceh; 2=North Sumatra; 3=West Sumatra; 4=Riau; 

5=Jambi; 6=South Sumatra; 7=Bengkulu; 8=Lampung; 9= 

Kep. Bangka Belitung; 10 = Kep. Riau; 11=DKI Jakarta; 

12 = West Java; 13 = Central Java; 14=DI Yogyakarta; 

15= East Java; 16=Banten; 17=Balinese; 18=NTB; 

19=NTT; 20=West Kalimantan; 21=Central Kalimantan; 

22=South Kalimantan; 23=East Kalimantan; 24=North 
Kalimantan; 25=North Sulawesi; 26=Central Sulawesi; 

27=South Sulawesi; 28=Southeast Sulawesi; 

29=Gorontalo; 30=West Sulawesi; 31=Moluccas; 

32=North Maluku; 33=West Papua; 34=Papua 

 

 
 

Fig.3. Quadrant Analysis of Youth Unemployment and 

Foreign Investment (FI) in 2021 
Information: 

1=Aceh; 2=North Sumatra; 3=West Sumatra; 4=Riau; 

5=Jambi; 6=South Sumatra; 7=Bengkulu; 8=Lampung; 9= 

Kep. Bangka Belitung; 10 = Kep. Riau; 11=DKI Jakarta; 

12 = West Java; 13 = Central Java; 14=DI Yogyakarta; 

15= East Java; 16=Banten; 17=Balinese; 18=NTB; 

19=NTT; 20=West Kalimantan; 21=Central Kalimantan; 

22=South Kalimantan; 23=East Kalimantan; 24=North 

Kalimantan; 25=North Sulawesi; 26=Central Sulawesi; 

27=South Sulawesi; 28=Southeast Sulawesi; 

29=Gorontalo; 30=West Sulawesi; 31=Moluccas; 
32=North Maluku; 33=West Papua; 34=Papua 

 

Analysis of the Effect of Investment on Youth 

Unemployment in Indonesia 

Best Model Selection 

Selection of the best model using the Chow test produces 

an F-statistic value = 10,97 and p-value less than alpha 

0,05 which is equal to 0,00. Thus, the null hypothesis is 

rejected, so it can be concluded that the fixed effects 

model is better than the common effects model. The next 

test is the Hausman test which produces Hausman-statistic 

= 22,91 and the p-value is less than alpha 0,05 which is 
equal to 0,00. The decision taken is to reject the null 

hypothesis, so it can be concluded that the fixed effects 

model is better than the random effects model. 

 

Testing the Linear Regression Model Assumptions  

The selected panel data regression equation is the fixed 

effects model. Testing the assumptions of the residual 

variance-covariance structure found that the residual 

variance-covariance matrix structure is heteroscedastic and 

there is cross-section correlation in the residual variance-

covariance matrix. To overcome this, the fixed effect 
model uses the FGLS estimation method. Normality and 

residual (error) assumptions have been met. This can be 

seen from the Jarque-Bera significance which shows that 

the probability value of all residual cross-sections is 0,07, 

more than 5 percent alpha. This shows that the null 
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hypothesis is not rejected, so the conclusion drawn is that 

the residuals are normally distributed or in other words the 
assumption of normality in the best model has been 

fulfilled. The homoscedasticity assumption has been 

fulfilled. Based on the Glejser test, it was found that the 

probability value for each independent variable was more 

than an alpha value of 5 percent. The conclusion generated 

based on this test is that the estimation model is free from 

violations of the heteroscedastic assumption. Based on the 

results of the Durbin Watson test, the assumption of 

autocorrelation has been fulfilled that the estimation model 

is free from violations of the autocorrelation assumption. 

The non-multicollinearity assumption has also been 

fulfilled. This is shown where the correlation value 
between independent variables is below 0,80. Therefore, 

the resulting conclusion is that there is no linear 

relationship (multicollinearity) between the independent 

variables. 

 

Regression Model of Youth Unemployment Panel Data 

in Indonesia  

After going through several test stages, the selected panel 

data regression equation is the fixed effects model using 

the FGLS estimation method. From the processing results 

using Eviews 10, statistical values are obtained which are 
presented in Table 1. 

 

Table 1:  Estimation Results of Youth Unemployment 

Model 
 

Description: *significant at 1 %; ** significant at 5 %; *** 

significant at 10 % 

Source: Output Eviews 10, processed 

 

Adjusted R-squared of 0,88 indicates that 88 percent of the 
variability in youth unemployment in Indonesia can be 

explained by the variability in the independent variables. 

The p-value of the F test indicates that there is at least one 

independent variable that has a significant effect on youth 

unemployment in Indonesia with a significant level of 5 

percent. Partial testing using t-test statistics results that the 

variables of domestic investment, economic growth, 

inflation, the contribution of the agricultural sector, LFPR, 

wage rates, and the dummy economic crisis during the 

Covid-19 pandemic have a significant effect on youth 

unemployment in Indonesia. 
 

Domestic investment (DI) has a positive and significant 

effect on youth unemployment in Indonesia, while foreign 

investment (FI) has a positive and insignificant effect on 

youth unemployment in Indonesia. These results are 

consistent with conditions where investment realization in 

Indonesia is still dominated by capital-intensive sectors, 

compared to labor-intensive sectors which absorb more 

labour. The lack of government support in the 

development of sectors and economic activities that absorb 

labor also influences employment absorption in Indonesia. 

These findings are also supported by the study of Ndjie et 
al. (2019) where foreign direct investment has a positive 

effect on youth unemployment in Africa. Ndjie et al. 

(2019) explained that different theoretical models and 
empirical investigations for different countries or periods 

often show inconsistent results. These discussions and 

controversies suggest that the effect of FDI on the labor 

market can change from country to country. This effect 

can depend on the shape of the country and the particular 

investment. In principle the positive effect on employment 

is usually much higher if the FDI is in the form of 

Greenfield Investment. On the other hand, when inflows 

of foreign capital take the form of purchasing privatized 

companies, it can usually have a small or even negative 

effect on employment (Hisarciklilar et al. 2009).  

 
Economic growth (EG) has a negative and significant 

effect on age unemployment in Indonesia. These findings 

are in line with the research by Choudhry et al. (2013) 

which revealed that changes in economic conditions have 

a large impact on youth unemployment, even the impact is 

greater than on unemployment in general. Inflation (INF) 

has a negative and significant effect on youth 

unemployment in Indonesia. In other words, it can be said 

that if the inflation rate decreases, the youth 

unemployment rate will increase. These results indicate 

that the Phillips curve phenomenon in Indonesia still 
occurs. Based on these results it can be seen that there is a 

trade off between inflation and the unemployment rate. 

This result is in line with the findings of Mkombe et al. 

(2020), Hasan (2020), Bayrak and Tatli (2018), and  

 

Ebaidalla (2016) who also found that there is a negative 

relationship between unemployment and inflation. 

 

Independent 

Variable 
Coeff. 

 
Prob. 

C 133,12  0,00 

LN_DI 0,23 ** 0,04 

LN_FI 0,18  0,19 

EG -0,07 *** 0,09 

INF -0,10 * 0,01 

YP 0,11  0,27 

GER -0,04  0,29 

AGRI -0,18 ** 0,05 

MANU -0,08  0,25 

LFPR -0,41 * 0,00 

VUL 0,06  0,20 

LN_W -5,62 * 0,00 

DC 1,30 * 0,00 

Number of 

Observations 

 
238 

R-squared  0,91 

Adjusted R-squared  0,88 

F-Statistics  40,81 

Prob (F-Statistic )  0,00 
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The young population (YP) has a positive and 

insignificant effect on youth unemployment in Indonesia. 
In contrast to these results, the education level of youth 

(GER) has a negative and not significant effect on youth 

unemployment in Indonesia. The contribution of the 

agricultural sector (AGRI) has a negative and significant 

effect on youth unemployment in Indonesia. This result is 

in line with the findings of Daud (2017) which states that 

growth in the agricultural sector will directly have a 

positive impact on employment so as to reduce 

unemployment. The contribution of the manufacturing 

sector (MANU) has a negative and insignificant effect on 

youth unemployment in Indonesia. These results are 

influenced by conditions in Indonesia where investment in 
the manufacturing sector is more capital-intensive and the 

use of technology replaces labor in the manufacturing 

sector. 

 

Labor force participation rate (LFPR) has a negative and 

significant effect on youth unemployment in Indonesia. 

These results are in line with the findings of Baah-Boateng 

(2016) which explains that Labor force participation rate 

(LFPR), which is a country's ability to generate 

employment, makes a significant contribution to reducing 

youth unemployment in Africa. An increase in Labor force 
participation rate (LFPR) not only has an effect on 

reducing the population that is not active in the labor 

market, but also has the effect of reducing youth 

unemployment and vice versa (Baah-Boateng, 2016). 

Vulnerable workers (VUL) have a positive but not 

significant effect on youth unemployment in Indonesia. 

This insignificant effect is supported by the percentage of 

youth working in the formal sector which is higher than 

the informal sector. More than half of youth (55,23 

percent) in 2021 will work in the formal sector, the 

remaining 44,77 percent will work in the informal sector. 

The same thing also happened in previous years. 
 

The wage rate (W) has a negative and significant effect on 

youth unemployment in Indonesia. These findings are in 

line with Putra's study (2018) which shows that the 

provincial minimum wage has a negative and significant 

effect on urban youth unemployment in Indonesia. The 

dummy variable of the economic crisis during the Covid-

19 pandemic (DC) has a positive and significant impact on 

youth unemployment in Indonesia. The Covid-19 

pandemic has caused labor conditions to become unstable, 

resulting in an increase in the youth unemployment rate in 
Indonesia. The pandemic has caused many workers to 

experience layoffs as a result of the disruption. 

 

IV. CONCLUSSION 
 

The results of the descriptive analysis show that there are 

provinces that have high investment (either domestic and 
foreign investment) but also have high youth 

unemployment, such as the provinces of South Sumatra, 

West Java, Banten, Central Sulawesi and North Maluku. 

The results of the panel data regression analysis show that 

the domestic investment (DI), economic growth, inflation, 
the contribution of the agricultural sector, Labor force 

participation rate (LFPR), wage rates, and the dummy 

economic crisis during the Covid-19 pandemic have a 

significant effect on youth unemployment in Indonesia. 

Most of the investment realization in Indonesia is capital-

intensive investment. This is consistent with the results of 

this study where domestic investment (DI) has a positive 

and significant influence on youth unemployment in 

Indonesia. Inflation, economic growth, and the 

contribution of the agricultural sector have a negative and 

significant effect on youth unemployment in Indonesia. 

Labor force participation rate (LFPR) has a negative and 
significant effect on youth unemployment in Indonesia, 

while the wage rate has a positive and significant effect on 

youth unemployment in Indonesia. Meanwhile, the 

dummy economic crisis during the Covid-19 pandemic 

had a positive and significant effect on youth 

unemployment in Indonesia. 

 

The government through the Coordination and Investment 

Agency (BKPM) is expected to encourage large 

companies entering Indonesia to collaborate with local 

companies and Micro Small Medium Enterprises 
(MSMEs) to focus more on labor-intensive industries. It is 

hoped that the existence of the Job Creation Law passed 

by the government will encourage the entry of quality 

investment so that it will have an impact on employment 

and increase economic growth in Indonesia. The 

government is also expected to increase employment 

opportunities for young people. Serious efforts are needed 

for the government to expand employment opportunities, 

for example by providing and expanding space and access 

for job seekers to be able to develop hard skills and soft 

skills through verified training that has been recognized by 

companies. The government through the Ministry of 
Manpower also needs to optimize the Independent 

Workers Program so that job seekers can independently 

create job opportunities and business opportunities in the 

informal sector. 
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