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 Abstract – The Aim of our project is to obtain high profit rate by improving the sales of low utility items (which results as low 

sales) along with high utility itemsets. In this project we have segregated High/low utility items based on a threshold value 

which represents the weight utility. The information of itemsets is maintained in an exceedingly tree-based arrangement which 

is called as utility pattern tree (UP-Tree). A Utility pattern tree consisting of both high and low utility is drawn to represent the 

segregation, thus improving the performance of utility mining.  

The Association Rule analysis helps in sleuthing correct, in advance, affordable information patterns like frequent, weight 

frequent, high utility pattern. an enormous count of user itemsets for low utility datasets decreases the performance in terms of 

each execution time and profit. once the info contains several long transactions or long high utility itemsets, things might move 

to pot. throughout this project, AN rule, particularly utility pattern growth (UP-Growth) is used for mining high any as low 

utility itemsets with a set of effective methods for pruning candidate itemsets. Candidate itemsets are generated with efficiency 

with solely 2 scans of info. To facilitate the mining performance and avoid scanning original info repeatedly, a compact tree 

structure, named UP-Tree is used, to stay up the data of transactions and high utility itemsets. In different words, the 

additional things a group action contains, the additional utilities are often discarded by minimum support threshold. the 

appliance is intended victimization Microsoft Visual Studio .Net 2010 as face. The committal to writing language used is Visual 

C# .Net. MS-SQL Server 2008 is employed as face info. 
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I. INTRODUCTION 

 
The High utility itemset mining framework has made 

decision makers with great flexibility, like profit, quantity 

increasing. Data mining spots hidden valuable knowledge 

from huge database schemas. Associative Rule Mining 

give rise to the progress of detecting correct, unknown, 

useful, and valuable data patterns [1], like frequent, 

weight frequent, and high utility patterns. 

Data mining is the process of extracting small amount of 

data from large amount of data. The extraction is done by 

setting the threshold value that is the minimum sales 

count. Moreover, principal configurations in various 

applications are studied and used, entailing marketing 

research, diagnosing, and web-stream click analysis. 

Nevertheless, frequent itemsets mining (FIM) has did not 

consider the relative significance of individual items. To 

unravel this problem [2]–[4], weighted association rule 

mining has incorporated the item weight, the items unit 

profit within the transaction database..The framework 

entails the subsequent categories: high utility mining 

supported single minimum threshold [7], [9]–[13], HUIM 

founded on multiple minimum thresholds [12], [14]. 

Major contributions of this work are summarized as 

follows. High-utility itemsets are often generated from 

UP-Tree efficiently with only two scans of original 

databases. By these strategies, overestimated utilities of 

candidates are often well reduced The results show that 

both high and low utilities outperform several other 

algorithms subsequently in terms of execution time. 

 

II. SCOPE AND OBJECTIVES 

 
 To discover itemsets with low/high utility like 

profits.  

 To propose two efficient algorithms named UP-

Growth and UP-Growth+ for mining high utility 

itemsets from transaction databases.  

 To enhance the performance of utility mining. 

 

III. EXISTING SYSTEM 
 

The existing system contains utility pattern growth (UP-

Growth) tree construction only for low utility. First a 

profit table is maintained during which items and their 

profit values are mentioned. Then a transaction database 

is taken which contains the things with the count in every 

transaction. Then items are sorted in step with the upper 

transaction utility value. The things are eliminated if the 

full weight utility is below the given total weight utility 

threshold value. Then UP (Utility Pattern) tree is built. In 

the UP-Tree, every node N consisting of N.name, 
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N.count, N.nu, N.parent, N.hlink and a group of kid 

nodes. N.name denotes the node’s item name. N.count 

points that the node’s support count. N.nu is that the 

node’s node utility, i.e., overestimated utility of the node. 

N.parent records parent node of N. N.hlink may be a node 

link which points to a node whose item name is that the 

same as N.name. A table named header table is used to 

facilitate the traversal of UP-Tree.  

 

3.1. DRAWBACKS OF EXISTING SYSTEM 

 Unpromising items are not included in the result tree.  

 Minimum item utilities are not utilized to reduce 

utilities of local unpromising items. 

 Mining high utility itemsets is not effective for 

pruning candidate itemsets in UP tree construction 

 

IV. PROPOSED SYSTEM 
 

In the proposed system, along with Utility Pattern tree 

constructed for both high and low utility. Both low/high 

utilities are taken here for achieving high profits. We are 

including stock and sales ratio of each product to 

segregate products into low utility and high utility. The 

unpromising items should be included to the transactions. 

The item sets of low utility and high utility are fused 

together to enhance the profit. The fusion is done by sub 

categorizing the item sets and mapping it from low utility 

to high utility. 

4.1. Advantages of Proposed System 

 Unpromising items are also included in the result tree 

 Minimum item utilities are utilized to increase the 

profit 

 Mining high utility item sets is effective for pruning 

candidate item sets in UP tree construction 

 Profit of the utilities are increased  

 

V. MODULE DESCRIPTION 
 

5.1 Login Module 

 
Fig.1. login. 

 

5.1.1 User 
In this module, user id and name are added into ‘Users’ 
table. In the list box given, all the user id and name 

already saved are listed from which the records can be 

selected and new values can be updated 

 
Fig.user enrollment 

 

5.1.2 Items/Profit 

In this module, item name and profit are added into 

‘Profit’ table. In the list box given, all the user id and 

name already saved are listed from which the records can 

be selected and new values can be updated 

 
Fig.2. item feeding. 

 

5.1.3 Transactions 
In this module, transaction id, user, item and quantity are 

added into ‘Transactions’ table. In the grid view control, 

all the records already saved are displayed from which the 

records can be modified and new values can be updated. 
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Fig.3. iten transaction. 

 

5.1.4 Utility 
In this module, threshold value is given and saved in 

‘Utility Threshold’ table. The threshold value is used for 

the segregation of items based on their transactions. 

 
Fig.4. utilities. 

 

5.2 Calculate Utility Threshold 

In this module, transaction id, itemset and transaction 

utility value is calculated and displayed. The items value 

is displayed based on their threshold value. 

 
Fig.5. utility threshold table. 

 

 
Fig.6. utility threshold table. 

 

5.3 Minimum Weight Utility Threshold 

In this module, threshold value is given and saved in 

‘Weight Utility Threshold’ table. Here the name Weight 

indicates the amount of the individual item set. 

 

 
Fig.7. minimum weight utility threshold settings. 
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5.4 Utility Pattern Tree 

 
Fig.8. UP tree. 

 

To achieve the mining performance and avoid scanning 

original data shortly, we've a bent to use a compact tree 

structure, named UP-Tree, to stay up the transactions and 

high utility itemsets. It involves a pair of techniques to cut 

back the overestimated utilities hold on inside the nodes 

of worldwide UP-Tree. the weather of UP-Tree ar first 

made public and then the two ways that ar introduced. 

Finally, the event associate degree UP-Tree with the two 

ways that is illustrated intimately by a running example. 

In associate degree UP-Tree, each node N consists of 

Node name is that the node’s item name. Node count is 

that the node’s support count. Node character is that the 

node’s node utility, i.e., overestimated utility of the 

node.Node hlink could also be a node link that points to a 

node whose item name is that constant as Node name. 

The header table is employed to assist the traversal of UP-

Tree. each entry records the name of associate degree 

item, associate degree overestimated utility, and a link. 

The link points the last incidence of the node that has 

constant item. By following the links in header table and 

thus the nodes in UP-Tree, the nodes having constant 

name is traversed efficiently. 

 

VI. CONCLUSION 
 

In this project both high and low utilities are obtained. 

The new framework mines the LUIs and HUIs that are 

useful and significant in several real applications. It is 

also used to reduce number scans in the database. The 

time required for running the project is faster when 

compared to the existing research. This application is 

used to forecast the frequent item details that moved in 

the transaction dataset and calculate the time complexity 

rate for both two tree construction by user specified 

manner. In this research  dynamic updating is  also 

available. The paper contributes to the literature by 

proposing a new framework in ARM named LUIM which 

has not been considered. LUIM extracts an item set with a 

low utility value. The results are very useful and 

operative. In future, there will be only one tree for both 

utilities. In addition, the advanced Mining algorithm can 

be applied to other applications with the aim to enhance 

precision for predicting user behaviors.  
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