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Abstract — Small and medium-sized enterprises (SMEs) operate in increasingly uncertain business environments characterised
by inflation, rising interest rates, supply chain disruptions, geopolitical instability, and changing customer behaviour. These
conditions have exposed significant limitations in traditional cash flow forecasting methods, which rely primarily on historical
accounting information and static budgeting techniques. This study investigates the role of predictive cash flow modelling in
strengthening SME financial resilience through the application of predictive analytics, artificial intelligence (AI), machine
learning, and digital financial technologies. A qualitative secondary research methodology was adopted using systematic thematic
analysis of peer-reviewed journal articles, professional reports, and institutional publications. The findings demonstrate that
predictive cash flow modelling improves forecasting accuracy, enhances liquidity management, supports working capital
optimisation, and enables proactive financial decision-making. The study develops a conceptual framework integrating the
Resource-Based View, Dynamic Capabilities Theory, Contingency Theory, and Enterprise Risk Management to explain how
predictive financial capabilities contribute to sustainable organisational performance. The research concludes that predictive
cash flow modelling represents a strategic organisational capability rather than merely a technological forecasting tool, and that
investment in digital financial infrastructure, employee analytical capability, and integrated financial management systems is
essential for improving SME resilience within volatile global markets.
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I. INTRODUCTION

1. Background of the Study

SMEs represent approximately 90% of registered businesses
worldwide, contribute more than half of global employment,
and generate a substantial share of national GDP across most
economies. Despite this economic weight, SMEs remain
disproportionately vulnerable to financial disruption relative to
larger corporations, which typically hold deeper cash reserves,
broader access to external financing, and more mature financial
planning infrastructure. Belitski, Guenther, Kritikos, and
Thurik (2021) show that the COVID-19 pandemic drove sharp
reductions in entrepreneurial activity and small business
survival rates across multiple economies, with many firms
unable to absorb even short-term revenue interruptions. Das,
Sarkar, and Debroy (2022) document how the same period
produced lasting shifts in consumer behaviour, complicating
demand forecasting for smaller firms that lacked the analytical
infrastructure to track and respond to those shifts in real time.
These shocks were compounded by simultaneous supply chain
disruption. Bak, Shaw, Colicchia, and Kumar (2020) note in
their systematic review that SME supply chains are structurally
less resilient than those of larger firms, largely because SMEs
possess fewer alternative suppliers, less inventory buffer
capacity, and weaker negotiating leverage. Guo, Liu, Song, and
Wang (2024) reach a similar conclusion in their review of
inventory-focused resilience strategies, while Celestin and

Sujatha (2024) link global supply chain disruption directly to
SME survival outcomes, arguing that firms without adaptive
supply chain strategies faced compounding, rather than
isolated, financial pressures during recent crisis periods.

2. Importance of Cash Flow Management for SMEs

Cash flow, rather than profitability in isolation, is widely
recognised as the more immediate determinant of SME
survival. A firm can be profitable on paper while facing
insolvency because revenue is tied up in receivables, inventory,
or delayed customer payments. This dynamic makes accurate,
forward-looking cash flow visibility a central strategic concern
rather than a routine accounting function. Traditional cash flow
forecasting, built around historical accounting data and annual
budgets, has struggled to keep pace with the volatility SMEs
now regularly encounter. Hossain, Akhter, and Sultana (2022)
find that SMEs relying on static forecasting during the
pandemic were slower to adapt operationally than those using
more dynamic, continuously updated approaches, and Biyela
and Utete (2024) reach a comparable conclusion in their
systematic review of SME productivity and resilience in South
Africa, identifying inadequate financial visibility as a recurring
driver of business failure.

3. Financial Uncertainty and Cash Flow Challenges in
SMEs

Beyond pandemic-specific disruption, SMEs face a broader
and more persistent set of uncertainty drivers, including
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inflationary pressure, interest rate volatility, currency
fluctuation, geopolitical instability, and rapidly evolving
customer expectations. Gregurec, Tomici¢ Furjan, and
Tomici¢-Pupek (2021) show that firms with more adaptable,
digitally-enabled business models weathered recent crises
considerably more effectively than those relying on
conventional planning tools, suggesting that the capacity to
adapt forecasting practice—not merely to forecast accurately
under stable conditions—is now a core determinant of SME
resilience. This has significant implications for how financial
management practice should evolve: static, backward-looking
forecasting is increasingly mismatched to an operating
environment defined by continuous change.

4. Emergence of Predictive Cash Flow Modelling

Against this backdrop, predictive cash flow modelling has
emerged as a strategic response, combining artificial
intelligence, machine learning, and real-time data integration to
generate continuously updated liquidity forecasts rather than
static, periodically revised budgets. Faisal, Amekudzi, Kamran,
Fonkem, and Awofadeju (2023) find that digital transformation
more broadly is reshaping how US-based SMEs manage both
operations and finance, while Pellegrino and Abe (2022)
document a parallel shift toward digital financing tools in SME
recovery strategies following the pandemic, noting that firms
with stronger digital foundations recovered more quickly than
peers without. These developments position predictive cash
flow modelling not as an isolated technical upgrade but as one
component of a wider digital transformation of SME financial
management.

5. Research Gap and Motivation
While a substantial body of research addresses SME resilience
during periods of crisis, and a separate body addresses the
technical capabilities of predictive analytics and artificial
intelligence, relatively little work connects the two directly
within a single explanatory framework. Existing studies tend to
treat predictive financial technology as a generic efficiency tool
rather than as a strategic capability specifically suited to
managing the liquidity risks that most directly threaten SME
survival. This study addresses that gap through a qualitative
synthesis of contemporary literature, aiming to clarify how
predictive cash flow modelling functions as a resilience
mechanism in its own right, and to propose a conceptual
framework linking business uncertainty, predictive capability,
and resilience outcomes that can guide both managerial
practice and future empirical research.
Research Objectives
e To examine how traditional cash flow forecasting methods
constrain SME financial resilience under conditions of
economic uncertainty.

e To evaluate the contribution of predictive analytics, Al,
and machine learning to SME cash flow forecasting
accuracy and liquidity management.

e To develop a conceptual framework linking predictive
financial capability to SME financial resilience.

e  To identify practical barriers to, and enablers of, predictive
financial technology adoption among SMEs.

6. Significance of the Study

This study offers value to three distinct audiences. For SME
managers and financial practitioners, it provides an evidence-
based rationale for investing in predictive financial technology
as a resilience strategy rather than a discretionary efficiency
upgrade. For policymakers and financial institutions, it
highlights the connection between predictive capability,
financing access, and business survival, with implications for
how SME support programmes and fintech infrastructure
investment are prioritised. For academic researchers, it
contributes a conceptual framework linking business
uncertainty, predictive capability, and resilience outcomes that
can be empirically tested in future primary research.

7. Structure of the Study

The remainder of this study proceeds as follows. Section 2
reviews the literature on SME cash flow management, the
theoretical foundations of predictive modelling, the limitations
of traditional forecasting, and the role of Al and digital
transformation in financial resilience. Section 3 outlines the
qualitative secondary research methodology adopted. Section 4
presents the findings and discusses their implications against
the conceptual framework developed in Section 2. Section 5
concludes with practical recommendations for SME managers,
policymakers, and future researchers.

II. LITERATURE REVIEW

1. Evolution of Cash Flow Management in SMEs

Cash flow management in SMEs has historically depended on
manual spreadsheet models, periodic bank reconciliation, and
managerial judgement rather than systematic, data-driven
forecasting. This approach has persisted largely because of its
low cost and familiarity, even as the operating environment
facing SMEs has become considerably more volatile.
Humphries, Neilson, and Ulyssea (2020) illustrate the practical
cost of this reliance on lagging financial information: in their
study of the Paycheck Protection Program, information
frictions meant that many smaller, less financially sophisticated
firms were slower to access emergency liquidity support than
better-resourced competitors, despite facing comparable or
greater underlying need. This kind of structural disadvantage—
rooted in limited financial infrastructure rather than limited
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need—has motivated a broader shift toward more proactive,
data-driven approaches to liquidity planning across the SME
sector over the past five years.

2. Theoretical Foundations of Predictive Cash Flow
Modelling

This study draws on four complementary theoretical
perspectives to explain how predictive cash flow modelling
contributes to SME resilience. The Resource-Based View
frames predictive analytics capability as a valuable, difficult-
to-imitate organisational resource that can generate sustained
competitive advantage when properly developed and integrated
into decision-making processes. Dynamic Capabilities Theory
explains how firms reconfigure forecasting processes and
organisational routines in response to environmental change,
treating predictive capability not as a static asset but as an
evolving competency. Contingency Theory suggests that the
optimal forecasting approach depends on the volatility of the
firm's specific operating environment, implying that predictive
systems are of greatest strategic value precisely where
uncertainty is highest. Enterprise Risk Management provides
the overarching framework for treating liquidity forecasting as
a component of integrated organisational risk oversight rather
than an isolated finance-department function.

Drydakis (2022) provides empirical support for this integration,
showing through a dynamic capabilities lens that Al adoption
measurably reduced SME business risk during the COVID-19
pandemic, with firms that had integrated Al-supported
forecasting into their operations demonstrating greater adaptive
capacity than those relying solely on conventional methods.
Carayannis, Dumitrescu, Falkowski, Papamichail, and Zota
(2025) extend this argument by proposing a strategic foresight
framework in which AI adoption is positioned as a core driver
of long-term SME competitiveness rather than a short-term
operational fix, arguing that firms which treat predictive
capability as a strategic asset—rather than a compliance or
reporting tool—achieve more durable resilience outcomes.

3. Limitations of Traditional Cash Flow Forecasting
Methods

Conventional forecasting approaches remain widely used
because of their simplicity, low implementation cost, and
familiarity to non-specialist managers, but the literature
consistently identifies significant shortcomings. Modina,
Pietrovito, Gallucci, and Formisano (2023) show that models
relying primarily on historical bank-firm relationship data are
limited in their ability to anticipate SME default risk under
changing conditions, since such models are backward-looking
by construction and struggle to incorporate emerging risk
signals that have not yet appeared in historical repayment

records. Static budgets prepared annually or quarterly become
outdated quickly during periods of economic volatility, leaving
managers to react to liquidity problems only after they have
materialised rather than anticipating them well in advance. This
reactive posture is particularly costly for SMEs, which typically
have less financial buffer to absorb the consequences of
delayed response than larger, better-capitalised organisations.
A further limitation concerns scenario analysis. Traditional
spreadsheet-based forecasting generally supports only a limited
number of manually constructed scenarios, restricting
managers' ability to stress-test their liquidity position against a
wide range of plausible future conditions—inflation shocks,
customer payment delays, or supplier disruption, for
example—simultaneously. This constrains the strategic value
of forecasting precisely at the moments when such stress-
testing would be most valuable.

4. Predictive Analytics and Artificial Intelligence in Cash
Flow Forecasting

A substantial and fast-growing literature documents the
capabilities of Al-driven forecasting relative to conventional
approaches. Adelakun (2023) and Adeyelu, Ugochukwu, and
Shonibare (2024) both find that Al materially improves the
accuracy and reliability of financial forecasting relative to
conventional accounting-based methods, attributing these gains
to Al's capacity to process far larger volumes of operational and
market data than manual approaches allow. Adeyeri (2024)
quantifies the broader economic impact of Al-driven
automation across financial services, identifying measurable
productivity gains associated with automated forecasting and
transaction processing. Hussain (2023) similarly demonstrates
that Al techniques improve predictive accuracy specifically
within financial forecasting and risk assessment tasks, while
Joni and Graepel (2024) situate these findings within a wider
trend of Al-driven risk management transforming financial
services more generally, suggesting that predictive cash flow
modelling for SMEs sits within a much broader industry-wide
shift rather than representing an isolated innovation.

Explainability remains an important consideration in this
transition, particularly for smaller organisations without
dedicated data science expertise. Cerneviciené and
Kabasinskas (2024) review the growing literature on
explainable Al (XAI) in finance, arguing that model
transparency is increasingly necessary for practitioner trust and
regulatory acceptance as Al-based forecasting tools move from
experimental to operational use within financial institutions
and, increasingly, within SMEs themselves. Nayak (2022)
shows how natural language processing and machine learning
techniques can be combined to extract sentiment signals
relevant to financial decision-making in fintech contexts,
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illustrating the expanding range of unstructured data sources
that predictive systems can now incorporate alongside
conventional structured financial data. Oni (2025) provides a
focused review of machine learning models applied specifically
to SME financial analysis, concluding that predictive
techniques consistently outperform traditional statistical
forecasting approaches for smaller firms with irregular or
seasonal cash flow patterns.

Islam, Islam, Sarkar, Rahman, Paul, and Bari (2024) extend this
discussion to fraud detection and financial risk mitigation,
showing that Al-based systems can identify anomalous
financial patterns that traditional review processes miss—a
capability with direct relevance to cash flow integrity, since
undetected fraud or error directly distorts liquidity positions
and forecast reliability. Nwaimo, Adegbola, and Adegbola
(2024) demonstrate a related application in financial inclusion,
where machine learning improves credit access assessment for
underbanked populations, a finding with particular relevance
for SMEs that have historically struggled to secure external
financing based on conventional credit scoring models that
undervalue non-traditional data signals.

5. Predictive Cash Flow Modelling for SME Financial
Resilience

Several studies connect predictive financial capability directly
to measurable resilience outcomes. Okeke, Bakare, and
Achumie (2024a) find that Al-based tools materially enhance
SME financial decision-making efficiency and profitability,
while in a companion study Okeke, Bakare, and Achumie
(2024b) show that predictive approaches to budgeting and
revenue management improve forecasting stability specifically
for smaller firms operating with limited financial slack.
Avickson, Nyonyoh, and Ampaw-Asiedu (2024) reinforce this
point, demonstrating that predictive financial planning models
allow firms to adjust forecasts dynamically in response to
emerging macroeconomic trends rather than waiting for the
next scheduled budget cycle, substantially shortening the lag
between changing conditions and managerial response.

Financing access represents a related and important dimension
of resilience. Omowole, Urefe, Mokogwu, and Ewim (2024)
show that integrating fintech innovation into microfinance
meaningfully improves credit accessibility for small
businesses, while Akanfe, Bhatt, and Lawong (2025) trace how
Al-enabled technologies are reshaping the financial inclusion
landscape more broadly, expanding the range of financing
options that predictive systems can help SMEs identify and
access proactively rather than only in response to an emerging
shortfall. Alonge, Nsisong, Eyo-Udo, and Ogunsola (2023) add
a customer-facing dimension to this picture, showing that

predictive analytics also strengthens customer experience and
retention—an indirect but meaningful contributor to revenue
stability and, by extension, cash flow predictability, since
retained customers generate more predictable receivables than
a constantly changing customer base.

Supply-chain-related resilience further reinforces this pattern.
Balan, Kumar, and Raj (2025) show that machine learning and
Al methods support faster post-crisis supply chain recovery,
which in turn stabilises the operational cash flows on which
SME forecasting depends. Boussalham and Ejjami (2024) offer
a complementary operational example, showing that Al-
enhanced inventory management and space utilisation directly
reduce working capital strain—a core determinant of cash flow
resilience identified consistently throughout this body of
literature.

6. Digital Transformation and Financial Decision-Making

Digital transformation provides the infrastructure through
which predictive cash flow modelling becomes operationally
feasible for SMEs that lack dedicated data science teams.
Nwoke (2024) traces broad trends in financial services
digitalisation, including the fintech innovations that
increasingly underpin real-time financial visibility for smaller
firms without requiring substantial in-house technical
investment. Faisal et al. (2023) similarly find that digital
transformation adoption among SMEs improves both
operational and financial decision-making, though they note
that implementation challenges—including cost, skills gaps,
and organisational resistance to changing established
practices—remain significant barriers to adoption at scale.
Pellegrino and Abe (2022) reach a comparable conclusion in
their bibliometric review of digital financing tools adopted
during SME post-pandemic recovery, noting that firms with
stronger pre-existing digital foundations recovered more
quickly and more completely than those without.

7. Research Gap

Taken together, the literature reviewed above establishes two
things clearly: first, that SMEs face disproportionate exposure
to financial and operational shocks relative to their economic
significance (Belitski et al., 2021; Hossain et al., 2022; Biyela
& Utete, 2024); and second, that Al-driven predictive
technologies offer demonstrable improvements in forecasting
accuracy, risk detection, and decision-making speed
(Adelakun, 2023; Hussain, 2023; Islam et al., 2024). What
remains comparatively underexplored is the specific
mechanism by which these two threads connect—that is, how
predictive cash flow modelling functions as a resilience
capability in its own right, integrated with organisational
strategy and risk management practice, rather than as a generic
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efficiency improvement layered onto existing processes. This
study addresses that gap directly by developing an integrated
conceptual framework and synthesising evidence specifically
around the resilience function of predictive forecasting.

III. RESEARCH METHODOLOGY

1. Research Design and Philosophy

This study adopts a qualitative secondary research design,
using systematic thematic synthesis of peer-reviewed journal
articles, professional reports, and institutional publications
published primarily between 2020 and 2025. This approach
was selected because the research question concerns the
conceptual relationship between predictive capability and
resilience outcomes across the SME population broadly, rather
than the specific performance of any single firm or dataset—a
question better suited to synthesis of the existing evidence base
than to new primary data collection within the scope of this
study. The research adopts an interpretivist philosophical
position, recognising that the relationship between predictive
capability and organisational resilience is shaped by contextual
and organisational factors that are best understood through
synthesis of qualitative evidence across multiple studies and
settings, rather than reduced to a single quantitative model.

2. Data Sources and Collection Strategy

Sources were identified through structured searches of
academic databases using combinations of terms including
"predictive cash flow," "SME financial resilience," "artificial
intelligence forecasting," "machine learning finance," and
"digital transformation SMEs." Sources were included where
they addressed cash flow forecasting, financial resilience,
predictive analytics, or digital transformation within an SME or
broader financial-services context, and were assessed for
relevance, recency, and methodological credibility, with
preference given to peer-reviewed sources published since
2020 in order to capture the post-pandemic evolution of both
SME vulnerability and predictive technology capability.

3. Analytical Framework

Thematic analysis was used to identify recurring patterns
across the literature, organised around a four-dimension
analytical framework: (1) SME financial environment and
business uncertainty, capturing the external conditions driving
liquidity risk; (2) traditional cash flow management practices,
capturing the limitations of existing approaches; (3) predictive
cash flow modelling capabilities, capturing the specific
technological and analytical mechanisms available to address
those limitations; and (4) SME financial resilience and business
performance  outcomes, capturing the  measurable
consequences of predictive capability adoption. This

framework structured both the literature review and the
synthesis of findings presented below.

4. Limitations of the Methodology

As a qualitative secondary research design, this study is
necessarily limited by the scope and quality of the existing
published literature, and does not generate new primary
evidence regarding the performance of predictive cash flow
modelling within specific firms. The synthesis presented here
should therefore be read as a conceptual contribution intended
to guide future primary research, rather than as a validated
empirical model in its own right.

IV. FINDINGS AND DISCUSSION

The synthesis indicates that the financial management
landscape facing SMEs has shifted substantially over the past
decade. Traditional cash flow forecasting—built on historical
accounting data, static budgets, and spreadsheet modelling—is
being progressively displaced by dynamic, Al-enabled
forecasting systems that integrate real-time operational,
customer, and macroeconomic data. The literature is consistent
in showing that SMEs remain structurally exposed to liquidity
risk: they typically hold smaller cash reserves, face more
restricted access to external financing, and possess more
limited technological capacity than larger firms, despite
accounting for the majority of global employment and a
substantial share of GDP in most economies (Belitski et al.,
2021). A recurring finding across multiple sources is that the
large majority of SME failures trace back to poor cash flow
management rather than to underlying unprofitability,
underscoring the strategic weight of accurate, forward-looking
forecasting relative to profitability analysis alone.

Predictive cash flow modelling emerges consistently across the
reviewed literature as a meaningful improvement over
conventional method. Multiple sources report accuracy
improvements in the range of 20-50% relative to spreadsheet-
based forecasting (Adelakun, 2023; Hussain, 2023),
attributable to the incorporation of real-time operational,
customer, and macroeconomic data rather than historical
accounting figures alone. This shift allows managers to
anticipate liquidity shortfalls, payment delays, and supplier
disruptions before they escalate into operational crises—a
proactive capability directly aligned with the Enterprise Risk
Management perspective underpinning this study's conceptual
framework, and a clear departure from the reactive posture
characteristic of traditional forecasting approaches described in
Section 2.3.
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Digital infrastructure is a necessary enabler of this shift. Cloud
accounting, ERP systems, and real-time dashboards allow SME
managers to monitor liquidity continuously rather than relying
on periodic reporting cycles, with several sources reporting
meaningful reductions in reporting time and administrative cost
following adoption (Nwoke, 2024; Faisal et al., 2023). Working
capital optimisation is a related and recurring theme throughout
the literature: predictive systems that continuously track
receivables, payables, and inventory allow firms to shorten
cash conversion cycles and free up liquidity without additional
borrowing (Boussalham & Ejjami, 2024). Supply chain
resilience contributes further stability, with Al-supported
recovery and inventory management reducing the frequency
and severity of operational cash flow disruptions (Balan et al.,
2025; Guo et al., 2024).

Financing access and customer retention emerged as important
secondary drivers of resilience that connect back to predictive
forecasting capability.

Firms with stronger predictive systems are better positioned to
identify and pursue appropriate financing options proactively
(Omowole et al., 2024; Akanfe et al., 2025), and to retain
customers through more responsive service delivery informed
by predictive insight (Alonge et al., 2023)—both of which
reduce the volatility that predictive forecasting must then
account for, creating a mutually reinforcing cycle between
predictive capability and underlying financial stability.

Despite these benefits, implementation is not without barriers.
The literature consistently identifies limited digital skills,
resource constraints, data quality issues, and organisational
resistance to change as significant obstacles to SME adoption
of predictive financial technologies (Faisal et al., 2023; Hossain
et al., 2022).

These findings suggest that technology investment alone is
insufficient; effective adoption also requires leadership
commitment, employee capability development, robust data
governance, and  sustained  organisational  change
management—consistent with the Dynamic Capabilities
perspective that treats predictive forecasting as an evolving
organisational competency rather than a one-time technology
purchase.

1. Summary of Key Themes

SME Financial
Vulnerability

SMESs remain highly exposed
to liquidity shortfalls due to
limited reserves, delayed
payments, and restricted
financing access (Belitski et
al., 2021).

Effective liquidity
forecasting is
essential for survival
and sustainable
growth.

Limitations of

Historical, spreadsheet-based

Static planning should

Traditional forecasting fails to respond be replaced with
Forecasting to dynamic conditions dynamic,
(Modina et al., 2023). continuously updated
forecasting.
Predictive Al and machine learning | Earlier identification
Analytics improve forecast accuracy by|  of liquidity risk
Adoption an estimated 20-50% improves strategic
(Adelakun, 2023; Hussain, financial
2023). management.
Digital Cloud accounting and Digital systems
Transformation |automation improve financial improve
visibility and reduce organisational
reporting time (Nwoke, responsiveness and
2024; Faisal et al., 2023). decision quality.
Working Capital | Predictive systems shorten | Improved liquidity

& Supply Chain

cash conversion cycles and

stabilise supply-dependent

cash flows (Boussalham &

Ejjami, 2024; Balan et al.,
2025).

without increasing
external borrowing.

Financing Access

Fintech and Al-enabled
inclusion tools expand
financing options available
to SMEs (Omowole et al.,
2024; Akanfe et al., 2025).

Proactive, rather than
reactive, access to
external capital.

Implementation
Barriers

Digital skills gaps, cost, and
organisational resistance
constrain adoption (Faisal et
al., 2023; Hossain et al.,

2022).

Successful adoption
requires investment in
people and change
management, not just
technology.

Theme Key Findings Implications for

SMEs

V. CONCLUSION AND
RECOMMENDATIONS

This study set out to examine how predictive cash flow
modelling contributes to SME financial resilience, and to
develop a conceptual framework explaining that relationship.
The synthesis of contemporary literature indicates that
predictive cash flow modelling functions not merely as a
technical forecasting upgrade, but as a strategic organisational
capability—one that integrates Al-driven analytics, digital
infrastructure, and enterprise risk management practice to help
SMEs anticipate and absorb financial shocks more effectively
than conventional forecasting allows.

Recommendation 1: Treat predictive forecasting as a strategic,
not administrative, investment. SME managers should evaluate
predictive financial technology as a resilience investment rather
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than purely an efficiency measure, given its demonstrated links
to proactive risk management and financing access.

Recommendation 2: Invest in digital infrastructure
incrementally. Given resource constraints identified throughout
the literature, SMEs should prioritise incremental adoption of
cloud accounting and real-time dashboard tools before pursuing
more advanced Al-driven forecasting, building organisational
familiarity and data quality foundations first.

Recommendation 3: Build employee analytical capability
alongside technology adoption. Given the consistent finding
that digital skills gaps constrain adoption, investment in
predictive technology should be paired with structured training
for finance staff and managers.

Recommendation 4: Policymakers and financial institutions
should continue investing in SME-accessible fintech
infrastructure, given the demonstrated links between predictive
capability, financing access, and business survival (Omowole
et al., 2024; Akanfe et al., 2025).

Recommendation 5: Future research should validate this
framework empirically. This study's conceptual framework
should be tested through primary research—including SME
case studies and quantitative analysis—to validate the
relationships proposed here using first-hand data rather than
secondary synthesis alone.
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